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SOCIAL SCIENCE

Computational Social Science

David Lazer,' Alex Pentland 2 Lada Adamic,? Sinan Aral 2* Albert-Laszlo Barabasi,3
Devon Brewer,’ Nicholas Christakis,! Noshir Contractor,” James Fowler,? Myron Gutmann,?
Tony Jebara,® Gary King," Michael Macy,'® Deb Roy,2 Marshall Van Alstyne?'

¢ live life in the network. We check
\ " / our e-mails regularly, make mobile
phone calls from almost any loca-
tion, swipe transit cards to use public trans-
portation, and make purchases with credit
cards. Our movements in public places may be
captured by video cameras, and our medical
records stored as digital files. We may post blog
entries accessible to anyone, or maintain friend-
ships through online social networks. Each of
these transactions leaves digital traces that can
be compiled into comprehensive pictures of
both individual and group behavior, with the
potential to transform our understanding of our
lives, organizations, and societies.

The capacity to collect and analyze massive
amounts of data has transformed such fields as
biology and physics. But the emergence of a
data-driven “computational social science” has
been much slower. Leading journals in eco-
nomics, sociology, and political science show
little evidence of this field. But computational
social science is occurring—in Internet compa-
nies such as Google and Yahoo, and in govern-

Harvard University, Cambridge, MA, USA. *Massachusetts
Institute of Technology, Cambridge, MA, USA. 3University
of Michigan, Ann Arbor, MI, USA. *New York University,
New York, NY, USA. *Northeastern University, Boston, MA,
USA. éInterdisciplinary Scientific Resear[h Seattle, WA,

1HEA  TMarthune bnrn lmiunreeibn Cumne 4nn 1L 1ICA

Hlmisinreibn

ment agencies such as the U.S. National Secur-
ity Agency. Computational social science could
become the exclusive domain of private com-
panies and government agencies. Alternatively,
there might emerge a privileged set of aca-
demic researchers presiding over private data
from which they produce papers that cannot be

A field is emerging that leverages the
capacity to collect and analyze data at a
scale that may reveal patterns of individual
and group behaviors.

critiqued or replicated. Neither scenario will
serve the long-term public interest of accumu-
lating, verifying, and disseminating knowledge.

What value might a computational social
science—based in an open academic environ-
ment—offer society, by enhancing understand-
ing of individuals and collectives? What are the
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Lazer et al. Science (2009)
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BEmEROEEART 7 — R (Onwezen, 2019) AN TIREAR &¢VA1— KT
HELUEELXAE

Category Words c.f. Original Questionnaire
taste*(R), tasty(3EPR), appearance(R.7- B), provides me with pleasurable sensations (e.g..
sensory appeal texmre(ﬁ;ﬁf;), smell(/@ LY) texture. appearance. smell and taste)
nood mood(FFH =), good feeling(R L\ 59, stress( X s a way of monitoring my mood (e.g.. a good
LX) feeling or coping with stress’)
familiarity familiar( & 1) is familiar
weight control weight(fAE) helps me control my weight
health health* (f258), unhealth* (T~ 2F) healthy
animal welfare animal*(E0%7) 1s animal friendly
environmental protection environment* ((R15) is environmentally friendly
natural context natural/nature( B #3) 1s natural
political values fair trade/fairly traded(7 = 7 F L — F) is fairly traded
price affordable(Ft8), price(flIF&MEER) is affordable
convenience convenience/convenient({E 7)) is convenient (in buying and preparing)

sensory appeal 2
environment protection : 1
animal welfare .

IO FULEDLENAS

N

0 moena_academic

@AcademicMoena
REBSLEVWIRPRE S N, 18
WA/ —H— EDHEHERL L
B THIDICHRNST
E< Lo
FLEEDODULSBRNTHALD,

18:45 - 2022/02/18 - Twitter for iPhone




VM —MIRBINERADMIERDEE

HMENEZR(CONIT2E0(F3EDL TWVWE—A, BEEYCHEY). RIE(CE
ERR WS E S R AN

A B

Usage rate of motivational words(EN) Usage rate of motivational words(JP)
1.0 1.0 —e— sensory appeal
n* ! ﬁﬁ&% —e— animal welfare
0.8 0.8 —°~ health ,
—e— environmental protection
o— price
0.6 0.6 o— natural context
*q-'r; % o convenience
e ' i
0.4 0.4 —o— weight control
o— familiarity
Igit —e— mood
0.2 RS 0.2 o— political values
0.0 8 8 38 00 oo
2006 2008 2010 2012 2014 2016 2018 2020 2006 2008 2010 2012 2014 2016 2018 2020
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. Care . MEZTS
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s -5 | I Ingroup (Loyalty) . EHICH T2 ZHED
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8917 (72070

X SRR EIPZEER 4 X7 i BAZNE B )R RER X5 StBAZ B FREL
EXREN Fiim -0.025 BEXREM i -0.104™ BEXRBEM% Fiin -0.017
MR (ZE) 0.004 MR (ZhE) -0.048 MR (Zhk) -0.013

BEEER Harm 0.055 BEREE Harm 0.006 BEREE Harm 0.000
Fairness -0.018 Fairness -0.038 Fairness -0.024

Ingroup -0.032 Ingroup -0.002 Ingroup 0.031

Authority -0.037 Authority -0.097 Authority -0.039

Purity 0.072 Purity 0.101 Purity 0.009

RERE - X5 58K PERGS 0.108" RERE - A4 5RA0 BR 0.070 REE - X5 ERA1 BR 0.055
KefEM -0.042 S -0.020 S 0.022

7oENL YR -0.076 7>ENL YR 0.021 7ENL YR 0.029

ey 0.031 Ry S 0.103" Ry S 0.002
RERE 0.906™ AR 0.792™ AR 0.658™
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T&HBrIEEME DIaM B FIREME UVATEEIER
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News Release
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LIWC (Linguistic Inquiry and Word Count)

TF XA MNHOSOEBEIISE S

sTAlTAY 7 b

c TEXAMNZANNELT, BREEEE

T EEFH - OEBERN AT

< v E> (Pennebaker 2015)

« 86400KEEE, 73H73Y)

c DMEBEZDT 77U NRY VI =R
sECE 21,0000 (2022/1/121R7F)

« BERAR (R VEE. HEEES)

Py LWC

LIWC2015 is the gold standard in

DISCOVER LIWCZ2015

http://liwc.wpengine.com
LIWC2015 LanguageManual.pdf (utexas.edu)



https://repositories.lib.utexas.edu/bitstream/handle/2152/31333/LIWC2015_LanguageManual.pdf
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—— — ng U4 =t ML-Ask (Ptaszynski et al. 2009, 2017)
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—— — ng U4 = ML-Ask (Ptaszynski etal 2009, 2017)
BRc CHBERERIT U anamni s
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Deepfakes
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Deep Zelensky

https://youtu.be/X17yreEV5sl4
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B TDaHBSNS
- e (R4 2) DREITB
AN T =T LE LT

L_/de\A:E)L\ijj C.
MEEETENT (Fv>)

LI +v< (Nudge)
FEIROFRMZZR LEH S, BEMIC
BFEDTENZEIRT DL DIRd EH T

Polyphony
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Info Interventions
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